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Introduction {#sec009}
============

An epidemic of Ebola virus disease (EVD) of unprecedented magnitude has been ongoing in West Africa since December 2013 \[[@pmed.1001908.ref001]\]. As of 23 September 2015, 28,295 confirmed, probable, and suspected EVD cases and 11,295 deaths have been reported to the World Health Organization \[[@pmed.1001908.ref002]\].

Currently, most treatments used in Ebola treatment centers (ETCs) rely on supportive care, but several experimental therapies are being assessed for EVD following promising in vitro and limited in vivo findings \[[@pmed.1001908.ref003]--[@pmed.1001908.ref005]\]. The magnitude of the humanitarian and health crisis and high case fatality ratio (CFR) have led to debate on optimal methodologies for evaluating potential treatments \[[@pmed.1001908.ref006]--[@pmed.1001908.ref011]\]. While randomized controlled trials (RCTs) generally provide the most solid evidence on efficacy \[[@pmed.1001908.ref006]--[@pmed.1001908.ref009]\], randomization to active treatment or placebo has been considered unethical by some when any preclinical or clinical data suggest a treatment effect \[[@pmed.1001908.ref010],[@pmed.1001908.ref011]\]. In the absence of a concurrent randomly allocated control group, Sissoko et al. \[[@pmed.1001908.ref004]\] and Adebamowo et al. \[[@pmed.1001908.ref010]\] recommended comparing the CFR in treated patients to the baseline CFR of patients who did not receive the treatment, with the baseline value being estimated from historical data collected during the current epidemic or during past EVD outbreaks.

Of course, an important limitation of using historical controls is that, in the absence of randomization, the CFR in the treatment group could differ from the baseline CFR for reasons independent of treatment. Indeed, the CFR of Ebola has varied historically, over time and space \[[@pmed.1001908.ref001],[@pmed.1001908.ref012],[@pmed.1001908.ref013]\]. Factors that might drive these variations include patient care, the ability of surveillance systems to detect EVD patients from the different severity strata, time to hospitalization, and strain pathogenicity. Whatever the underlying causes, these variations make it difficult to define baseline CFRs and properly adjust for differences between the study population and historical controls. Irrespective of the study design, there are also important concerns about the statistical power of any treatment study, since recruitment of cases may become difficult in the declining epidemic.

Here, we investigate the relationship between patients' viremia (viral load) and their probability of death, and we assess how this relationship may be used to explain temporal trends in reported CFRs and inform different treatment study designs.

Methods {#sec010}
=======

We analyzed the laboratory results of a large number of EVD patients from Conakry and surrounding prefectures ([Fig 1](#pmed.1001908.g001){ref-type="fig"}). These patients were tested by the laboratory run by the Institut Pasteur de Dakar (IPD) and the Laboratoire des Fièvres Hémorragiques de Guinée (LFHP) in Conakry.

![The Ebola virus disease epidemic in the Conakry area, Guinea, March 2014 to February 2015.\
(A) Map of the study area, which consists of Conakry and the surrounding prefectures of Boffa, Coyah, Dubreka, Forecariah, Fria, Kindia, and Telimele (for which diagnoses were mostly performed by the IPD-LFHP laboratory) (the administrative boundaries were taken from the GADM database; <http://www.gadm.org/>). (B) Number of cases by month of symptom onset. The total number of probable and confirmed cases in the study area that were hospitalized is indicated in grey. The number of those that were diagnosed by reverse transcription PCR (RT-PCR) by the IPD-LFHP laboratory is in blue.](pmed.1001908.g001){#pmed.1001908.g001}

Ethical Considerations {#sec011}
----------------------

We did not seek institutional review board approval for data collection in this study because data were collected as part of routine case management under an emergency response mandate from the government of Guinea. As part of routine practice, patients orally agreed to be tested for Ebola virus infection.

Laboratory Work {#sec012}
---------------

In the IPD-LFHP laboratory in Conakry, diagnosis of EVD was performed using real-time RT-PCR \[[@pmed.1001908.ref014],[@pmed.1001908.ref015]\]. The algorithm for testing is as follows. A blood sample is collected from all suspected EVD patients, and an RT-PCR test is performed systematically. If the test is positive, the case is confirmed. Otherwise, the decision tree for subsequent testing depends on the time *d* from symptom onset to sample collection: (i) if 3 ≤ *d* ≤ 10 d, the negative result is definitive; (ii) if *d* ≤ 2 d, a second sample is collected 3 d after the first sample, and a new RT-PCR test performed, with the results of this second test being final; (iii) if *d* \> 10 d, cases are confirmed using a serological test \[[@pmed.1001908.ref014],[@pmed.1001908.ref015]\]. In this paper, analyses were restricted to cases confirmed by RT-PCR for whom viremia was available. Viremia was derived from the *C* ~t~ value obtained for each sample tested. We had access to the laboratory dataset, where all the laboratory results were recorded, as available on 3 March 2015.

Epidemiological Data {#sec013}
--------------------

The epidemiological line list has already been described in detail elsewhere \[[@pmed.1001908.ref001]\]. In short, a standard case investigation form was used to collect clinical and demographic data for all confirmed, probable, and suspected EVD cases identified through contact tracing and clinical care in Guinea. The following variables were used for our analyses: age, gender, EVD status (confirmed/probable/suspected), prefecture of residence, date of symptom onset, outcome (dead/discharged alive), hospitalization status (hospitalized/not hospitalized), date of hospitalization (if any), date of death (if any), and date of sample collection.

Inclusion in the Study {#sec014}
----------------------

Our analysis was restricted to EVD patients from the epidemiological line list who (i) had EVD confirmed by an RT-PCR test performed by the IPD-LFHP laboratory in Conakry, (ii) resided in Conakry or in the surrounding prefectures of Boffa, Coyah, Dubreka, Forecariah, Fria, Kindia, or Telimele (in which diagnoses were mostly performed by the IPD-LFHP laboratory), (iii) had symptom onset between 1 March 2014 and 28 February 2015, and (iv) were hospitalized. Patients were excluded from the analysis if (i) sample collection was done after the day of death or more than 30 d after symptom onset or (ii) one of the following variables was missing or unclear: age, prefecture of residence, date of symptom onset, outcome, date of hospitalization, date of death if died, or date of sample collection. In a sensitivity analysis, we explored the robustness of our findings when different eligibility criteria were used (see Section 4 of [S1 Appendix](#pmed.1001908.s002){ref-type="supplementary-material"}).

Statistical Analysis {#sec015}
--------------------

We calculated mean viremia (as measured on a log~10~ scale) as a function of age, gender, and time from symptom onset to sample collection.

We modeled outcome (dead/discharged alive) as a function of viremia *V* in those diagnosed within 1 wk of symptom onset. A univariable logistic regression model with polynomial terms in log~10~ *V* up to degree 5 was used, with best fit selection according to the Akaike information criterion. We also discretized *V* into three groups (low: *V* \< *v* ~*1*~, intermediate: *v* ~*1*~ ≤ *V* \< *v* ~*2*~ and high: *V* ≥ *v* ~*2*~) and selected the best threshold values *v* ~*1*~ and *v* ~*2*~ (*v* ~*1*~ \< *v* ~*2*~) at maximum likelihood (see Section 2 of [S1 Appendix](#pmed.1001908.s002){ref-type="supplementary-material"} for more details).

We then modeled outcome in all patients in a multivariable logistic regression that included viremia (using the best polynomial term identified above) and the following other predictors of death: age in four classes (young children: 0--4 y.o., children: 5--14 y.o., adults: 15--44 y.o., older adults: ≥45 y.o.) and time from symptom onset to sample collection in three classes (\<4, 4--7, \>7 d).

Using this model, it was possible to investigate whether the observed temporal variations in CFR could be explained by changes in the distribution of viremia over time. For each case, we computed the probability of death according to viremia, patient age, and time from symptom onset to sample collection. We then averaged these probabilities by month and compared these with the observed monthly CFRs. We explored the consistency of our results when only a subset of cases was used to inform the model. We estimated monthly CFRs using a model that was trained on cases that were hospitalized between 1 March 2014 and 30 September 2014 only and compared the results to when the whole dataset was used.

Finally, as with all assays, the measurement of viremia (viral load) is not without uncertainty. It has been estimated that the standard deviation of the assay is around 0.48 *C* ~t~ \[[@pmed.1001908.ref015]\]. To explore the impact of assay uncertainty on our results, we randomly added measurement uncertainty to each viremia measurement and recalculated the relationship between viremia and probability of death over repeated simulations. Details of the simulation study can be found in Section 6 of [S1 Appendix](#pmed.1001908.s002){ref-type="supplementary-material"}. An aggregated dataset is available in [S1 Dataset](#pmed.1001908.s003){ref-type="supplementary-material"}.

Use of Viremia in Treatment Studies {#sec016}
-----------------------------------

We compared the number of patients to include in an RCT for a new treatment against Ebola depending on whether viremia was/was not used for stratification of the analysis. We used the Cochran-Mantel-Haenszel test for the stratified analysis and the Chi-squared test for the unstratified analysis. We computed sample sizes using the viremia-level groups identified in this study, with their corresponding CFRs. Sample size formulas are reported in Section 7 of [S1 Appendix](#pmed.1001908.s002){ref-type="supplementary-material"}.

Results {#sec017}
=======

Between 1 March 2014 and 28 February 2015, a total of 1,209 confirmed and probable cases were reported in the study area. Of the 885 (73%) confirmed and probable cases that were hospitalized, 855 (97%) were confirmed, of which 787 (89%) were confirmed by RT-PCR by the IPD-LFHP laboratory and had a viremia measurement available ([Fig 2](#pmed.1001908.g002){ref-type="fig"}). Eighty-eight cases were excluded from the analysis because of missing or unclear information (*n* = 71), sample collection after death (*n* = 11), or long delays from symptom onset to sample collection/death (*n* = 6) ([Fig 2](#pmed.1001908.g002){ref-type="fig"}). Our final dataset therefore consisted of 699 cases. Their mean age was 31 y (interquartile range \[IQR\] 20--42 y), and 47% (*n* = 332) were female ([Table 1](#pmed.1001908.t001){ref-type="table"}). Mean times from symptom onset to hospitalization, sample collection, and death were 4.8 (IQR 2--6), 5.6 (IQR 3--7), and 9.3 (IQR 6.5--11.0) d, respectively ([Table 1](#pmed.1001908.t001){ref-type="table"}).

![STROBE figure of patients included in this study.](pmed.1001908.g002){#pmed.1001908.g002}

10.1371/journal.pmed.1001908.t001

###### Characteristics of patients included in the study.

![](pmed.1001908.t001){#pmed.1001908.t001g}

  Characteristic                                                           Value
  ------------------------------------------------------------------------ -------------------
  Number of patients                                                       699
  Age (years), mean (IQR)                                                  31.3 (20.0--42.0)
  Female, *n* (proportion)                                                 332 (0.47)
  Dead, *n* (proportion)                                                   332 (0.47)
  Time from symptom onset to hospitalization (days), mean (IQR)            4.8 (2.0--6.0)
  Time from symptom onset to sample collection (days), mean (IQR)          5.6 (3.0--7.0)
  Time from symptom onset to death for those who died (days), mean (IQR)   9.3 (6.5--11.0)

[Fig 3A](#pmed.1001908.g003){ref-type="fig"} presents mean viremia as a function of time from symptom onset to sample collection. From day 0 to day 7 after symptom onset, mean viremia was roughly constant, with values around 10^4.45^ (95% CI 10^4.32^--10^4.57^), and it generally declined sharply among patients still alive after day 7. Mean viremia was comparable in males and females ([Fig 3B](#pmed.1001908.g003){ref-type="fig"}; *p* = 0.95). It was significantly higher in young children (10^4.84^; 95% CI 10^4.27^--10^5.40^) than in other age groups (10^4.13^; 95% CI 10^4.00^--10^4.26^; *p* = 0.02) ([Fig 3C](#pmed.1001908.g003){ref-type="fig"}).

![Viremia and the probability of death.\
(A) Mean viremia as a function of the time from symptom onset to sample collection. (B) Mean viremia by gender. (C) Mean viremia by age group. (D) Probability of death as a function of viremia, when viremia was measured in the week following symptom onset. Three viremia groups are defined: low (*V* \< 10^4.4^ copies/ml), intermediate (10^4.4^ ≤ *V* \< 10^5.2^ copies/ml), and high (*V* ≥ 10^5.2^ copies/ml) viremia. The probability of death according to viremia group is represented as dotted line. The grey line corresponds to the predictions of the univariable logistic regression model. (E) Probability of death (dot: observed mean; thick line: 95% CI) as a function of the time from symptom onset to sample collection and the viremia group. Mean predicted values obtained with the multivariable logistic regression (triangle) and the bootstrap prediction intervals (thin lines) are also provided.](pmed.1001908.g003){#pmed.1001908.g003}

We restricted the univariable analysis of viremia and outcome to the 548 (78%) patients whose samples were collected within 7 d of symptom onset, a time period when viremia appeared to be stable ([Fig 3A](#pmed.1001908.g003){ref-type="fig"}). Among these patients, there were a total of 261 deaths (48%). The probability of death was best explained by a logistic regression model with (log~10~ *V*)^2^ as a single explanatory variable (see Section 3 of [S1 Appendix](#pmed.1001908.s002){ref-type="supplementary-material"}). The odds ratio (OR) for a unit increase in (log~10~ *V*)^2^ was 1.12 (95% CI 1.10--1.14). This simple model provided an excellent fit to the data ([Fig 3D](#pmed.1001908.g003){ref-type="fig"}). The probability of death increased with viremia, from 21% (95% CI 16%--27%; 51 deaths out of 243 individuals) in patients with low viremia (*V* \< 10^4.4^) to 53% (95% CI 44%--61%; 70 deaths out of 133 individuals) in those with intermediate viremia (10^4.4^ ≤ *V* \< 10^5.2^) and 81% (95% CI 75%--87%; 140 deaths out of 172 individuals) in those with high viremia (*V* ≥ 10^5.2^) ([Fig 3D](#pmed.1001908.g003){ref-type="fig"}). The proportion of patients in the low, intermediate, and high viremia groups was 44% (95% CI 40%--49%; *n* = 243), 24% (95% CI 21%--28%; *n* = 133), and 31% (95% CI 28%--35%; *n* = 172), respectively. Our results were found to be robust to the level of measurement error expected from the viral load assay (see Section 6 in [S1 Appendix](#pmed.1001908.s002){ref-type="supplementary-material"}).

We performed a multivariable analysis incorporating (log~10~ *V*)^2^, age, and time from symptom onset to sample collection using data from all 699 EVD patients. We found that the OR for a unit increase in (log~10~ *V*)^2^ was unchanged (1.12; 95% CI 1.10--1.14). We also found that late sample collection (\>7 d) (OR: 3.04; 95% CI 1.78--5.20) was associated with a significantly increased probability of death compared to those tested \<4 d after symptom onset ([Table 2](#pmed.1001908.t002){ref-type="table"}). Compared to adults, the probability of death was significantly higher in young children (OR: 2.44; 95% CI 1.02--5.86) and older adults (OR: 2.84; 95% CI 1.81--4.46) and significantly lower in children (OR: 0.46; 95% CI 0.24--0.86) ([Table 2](#pmed.1001908.t002){ref-type="table"}), which is consistent with a previous study \[[@pmed.1001908.ref010]\]. This multivariable logistic regression model successfully explained variations in the probability of death by time from symptom onset to sample collection and by viremia group ([Fig 3E](#pmed.1001908.g003){ref-type="fig"}).

10.1371/journal.pmed.1001908.t002

###### Odds ratios for death in a multivariate logistic regression performed on all of the 699 cases included in the study.

![](pmed.1001908.t002){#pmed.1001908.t002g}

  Variable                                           Estimated OR (95% CI)   *p*-Value
  -------------------------------------------------- ----------------------- -----------
  **(log** ~**10**~ **viremia)** ^**2**^             1.12 (1.10--1.14)       \<0.001
  **Time from symptom onset to sample collection**                           
  \<4 d                                              Reference               ---
  4--7 d                                             1.52 (1.01--2.29)       0.043
  \>7 d                                              3.04 (1.78--5.20)       \<0.001
  **Age group**                                                              
  Young children (0--4 y)                            2.44 (1.02--5.86)       0.046
  Children (5--14 y)                                 0.46 (0.24--0.86)       0.016
  Adults (15--44 y)                                  Reference               ---
  Older adults (≥45 y)                               2.84 (1.81--4.46)       \<0.001

In the study population, the CFR increased from 35% (95% CI 26%--45%) in March--July 2014 to 49% (95% CI 45%--53%) after August 2014 ([Fig 4A](#pmed.1001908.g004){ref-type="fig"}) (*p* = 0.014). This rise coincided with an order of magnitude increase in mean viremia ([Fig 4B](#pmed.1001908.g004){ref-type="fig"}) and a surge in the proportion of patients in the high viremia group ([Fig 4C](#pmed.1001908.g004){ref-type="fig"}) (change in mean viremia in March--July versus after August, *p* \< 0.01). Our multivariable logistic regression model performed well in predicting individual outcomes (area under the curve \[AUC\] of 0.81; see Section 5 of [S1 Appendix](#pmed.1001908.s002){ref-type="supplementary-material"}), and it showed a similar trend in CFR ([Fig 4A](#pmed.1001908.g004){ref-type="fig"}). A simpler univariable logistic regression model that relied only on viremia showed similar performance ([Fig 4A](#pmed.1001908.g004){ref-type="fig"}). Finally, a model informed using data from March to September 2014 only (29% of all the data) performed similarly to one trained on the entire dataset (Section 5 of [S1 Appendix](#pmed.1001908.s002){ref-type="supplementary-material"}).

![Variation of CFR and viremia over time.\
(A) Observed CFR by month (black) and predictions obtained from multivariable logistic regression (orange) and from the simple univariable logistic regression model that relies only on viremia (violet). Lines provide 95% CI. The shaded area indicates the bootstrap prediction interval. (B) Mean viremia by month. (C) Proportion of patients in the low (red; *V* \< 10^4.4^ copies/ml), intermediate (green; 10^4.4^ ≤ *V* \< 10^5.2^ copies/ml), and high (blue; *V* ≥ 10^5.2^ copies/ml) viremia groups by month.](pmed.1001908.g004){#pmed.1001908.g004}

As Ebola viremia is a strong predictor of mortality, comparing patient outcomes within the same viremia category (stratified comparison) will be the most efficient for testing the efficacy of a new treatment. With the mix of viremia levels across patients observed here (low: 44%, intermediate: 24%, high: 31%) and corresponding CFRs, the total number of patients to include in an RCT would be reduced by 25% with a stratified comparison relative to an unstratified comparison (see Section 7 of [S1 Appendix](#pmed.1001908.s002){ref-type="supplementary-material"}). For example, to detect a 20% reduction in CFR as a treatment effect, an RCT would need 438 patients (or 68 for a 50% reduction), while a stratified RCT would need only 324 patients (or 52 for a 50% reduction).

Discussion {#sec018}
==========

Here, we analyzed a large dataset of laboratory results for 699 EVD patients in order to characterize how the probability of death changed with viremia, while adjusting for age and time between symptom onset and sample collection. We found that viremia was a strong predictor of outcome for individual EVD patients, with the probability of death increasing from 21% in those with low viremia to 81% in those with high viremia. This is important because it confirms the significance of viremia as a predictor of EVD outcome suggested in small case series \[[@pmed.1001908.ref016],[@pmed.1001908.ref017]\] and it provides an important potential measure of risk adjustment in clinical evaluations of Ebola-specific treatments. Important variations in the CFR of the study population (namely, a 14% increase from the first to the second epidemic wave) coincided with an order of magnitude increase in mean viremia ([Fig 4B](#pmed.1001908.g004){ref-type="fig"}). This general trend for increasing CFR was well captured by a model that adjusted for viremia ([Fig 4A](#pmed.1001908.g004){ref-type="fig"}).

This finding suggests that heterogeneity in historical CFR estimates among patients, ETCs, and over time may at least partly be explained by variations in viremia and underscores that more valid estimates of the influence of other factors, including treatment effects, might be obtained by adjusting for differing levels of viremia among patients. This finding is particularly important for observational studies that aim to assess the efficacy of treatments as it shows that adjusting for viremia level should reduce confounding. We also provided CFRs for the different viremia groups that could be used as baselines in historical comparisons. Although adjusting for viremia may reduce biases due to an important confounder, it will not account for biases due to other confounders, and the strength of evidence from nonrandomized treatment studies will always be more limited than that obtained with an RCT design.

We showed that analyses stratified by viremia could lead to a 25% reduction in the sample size requirements of RCTs. This calculation was performed under the simple assumption that treatment would have the same impact in the different viremia groups. In practice, this may not be the case, and it will be particularly interesting to assess how efficacy may vary with viremia. It would be straightforward to calculate sample size requirements under other scenarios in which treatment efficacy could be a function of viremia.

We presented estimates of CFR for EVD patients who were hospitalized in the region of Conakry and who had an RT-PCR positive blood sample collected before their date of death. This subset of EVD patients seems a natural candidate to become a historical control group in the context of ongoing treatment studies. However, it should be clear that the CFR in this subset of patients is different (and generally lower) than that of typical probable and confirmed EVD cases. EVD cases that died before they reached the hospital or before a sample could be collected or that were not hospitalized were indeed excluded from our study. To put our estimates in the wider context of the ongoing epidemic, we provide estimates of CFRs for other groups. From the line list, we estimate that the CFR for all probable and confirmed cases with symptom onset between 26 December 2013 and 3 March 2015 in Guinea was 70% (95% CI 68%--72%), consistent with previously reported figures \[[@pmed.1001908.ref001],[@pmed.1001908.ref012]\]. However, it was lower in the Conakry area (64%; 95% CI 61%--67%) than in the rest of the country (74%; 95% CI 72%--75%). In particular, the CFR for hospitalized cases was 51% (95% CI 48%--54%) in the Conakry area compared to 64% (95% CI 61%--66%) elsewhere. Potential explanations for these differences include differences in patient characteristics, time to presentation, capacity for admission to ETCs, severity of EVD in patients who reached ETCs, and/or the early aggressive supportive care treatment approach in the Conakry area from the earliest part of the outbreak \[[@pmed.1001908.ref018]\]. Different eligibility criteria could have been applied to select the final set of patients to be included in the study. In a sensitivity analysis presented in Section 4 of [S1 Appendix](#pmed.1001908.s002){ref-type="supplementary-material"}, we show that the results of our univariable and multivariable analyses were robust to this choice.

The increase in mean viremia and CFR in the study population in the months after July 2014 compared to those before is an interesting observation that requires careful consideration. A number of mechanisms could explain this trend. A first possibility is that disease severity increased during this epidemic. This could have occurred, for example, if the virus evolved to become more virulent. However, such rapid adaptive evolution is not supported by the analysis of the currently available genetic sequences from the outbreak \[[@pmed.1001908.ref019],[@pmed.1001908.ref020]\], although functional analyses would be required to definitely rule out this possibility. Further, it seems unlikely that any increased virulence would be restricted to the Conakry area (where we observed an increase in CFR) and not observed across the whole country (where CFR stayed stable). A second more plausible scenario is that disease severity remained stable over time, but that the ability to detect and hospitalize patients with different levels of disease severity (probability of death) changed. The surge in mean viremia could indicate increased difficulties in detecting and hospitalizing patients with less severe EVD, for example because of resistance from local populations to going to the ETC unless they have very severe illness. It could also be that later in the outbreak, response teams were more successful at detecting severe cases before they died or that the increased number of cases during the peak of the outbreak favored the detection of severe cases. Keeping in mind that we considered only patients who provided a blood sample, a last possibility is that the propensity to perform RT-PCR tests even in EVD patients who were just about to die increased over time. However, in the Conakry area, testing was done systematically when cases arrived to the ETC. Although we cannot be definitive on the mechanism explaining the observed rise in mean viremia, our analysis suggests that, if testing protocols and the virus remain stable over time, monitoring viremia might inform the ability of surveillance systems to detect different levels of disease severity and might be used to compare surveillance systems.

This study has some limitations. Our analysis was conducted on a retrospective cohort using data collected as part of routine case management, with no active follow-up of patients who were discharged. We considered individuals discharged from hospital as having recovered; however, it is possible that some died at a later date. This would result in increases in the CFRs reported here, although any differences are likely to be minor. Further, we used data only on hospitalized cases. Our results may not be generalizable to community cases, as the distribution of viremia may be different in these individuals, for example if they represent cases that died before they could seek care or that had only minor symptoms. The route of infection, which is unknown in our cases, may be linked with differential mortality risk \[[@pmed.1001908.ref021]\]. If such differences exist and are not accompanied by changes in viremia, this could bias our results.

In summary, in a very large and consecutive sample of patients with confirmed EVD, we have shown that viremia is a strong predictor of death that may in part explain previously observed heterogeneity in CFR estimates. Viremia may also provide an important mechanism for risk adjustment among patients in studies aiming to estimate associations of treatment with outcome, and a mechanism to stratify patients into different risk groups within clinical trials.
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###### Summary dataset.

Column 1 gives the number of EVD patients with a specific profile, where the profile is given by the month of hospitalization (column 2), outcome (column 3), age (column 4), and viremia group (column 5).
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